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Abstract

How do search costs shape competition between digital platforms?
A compact model connects platform ranking, consumer attention and
market concentration, and shows how the paper presents its question,
notation and comparative statics.
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1 Introduction

Digital platforms lower the cost of finding a product and, at
the same time, decide which products receive attention. That
tension is the subject of this record. A reader should be able
to see it before any model is introduced, so the introduction
states the question in one sentence and then fixes the symbols
that the rest of the text uses.

The question is narrow on purpose. We do not ask whether
ranking is good or bad in general; we ask how a change in the
cost of search moves the ranking incentives of a platform and
the concentration of the market it serves. Everything else is
held fixed, and the text says so.

The record is organised so that a reader can stop at any
of three levels: the abstract for the claim, the model for the
mechanism, and the comparative statics for the direction of
the effect. Nothing in the first two levels depends on the third,
which is the property that makes a compact model worth
writing down.

2 Related work

Two strands of work meet here. The literature on search
and obfuscation explains why sellers may raise the cost of
comparison; the platform literature explains why ranking rules
become an object of competition in their own right. Neither
strand alone answers the question posed above, because the
first treats ranking as given and the second treats consumer
sampling as given.

See Ellison and Ellison (2009) and Tadelis (2016) for overviews
of the two strands. The specimen record keeps the reference list short
and reserves the space a completed paper would use for a fuller
review.

What is missing from both strands is a single object that
carries the ranking decision and the sampling decision at the
same time. The model below is that object in its smallest form:
two parameters, one ranking weight, one demand proxy.

s Datg=06 Datg=0.9

0.0 0.60 0.90
0.5 0.36 0.55
1.0 0.22 0.33

Table 1: Ilustrative demand under rising search costs. Values
demonstrate layout only.

3 A compact search model

Let s denote the cost of inspecting one additional offer and
let g denote the probability that a consumer reaches a listed
product. A simple demand proxy is

D(g,s) =ge M1 >0 (1)

where A scales how quickly attention costs reduce demand.
Platform j chooses a ranking weight w that trades listing rev-
enue against the demand it delivers. The expression is inten-
tionally minimal: it gives the page a recognisable economics
structure without presenting a claimed estimate.

Three assumptions carry the whole argument. Offers are
inspected in the order the platform presents them, the cost
of an inspection does not depend on how many inspections
preceded it, and the platform commits to a single weight for
the period. Relaxing any one of them changes the sign of the
comparative static, which is exactly the kind of statement a
short model is good at making.

4 Comparative statics

Table 1 shows how the demand proxy in equation (1) responds
to the two parameters. The values are placeholders used to
demonstrate the reading rhythm of a results table, not mea-
surements.

Figure 1 plots the same numbers. A short list of placehold-
ers is enough to check column widths and caption placement
before real data arrive.

Read across the rows, demand falls faster for the consumer
who is already well served: at g = 0.9 the proxy drops from
0.90 to 0.33, while at g = 0.6 it drops from 0.60 to 0.22.
The difference between the two columns is the part of the
effect that a ranking rule can offset by showing a wider set of
listings.
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Figure 1: Demand under rising search costs. Values are place-
holders.

5 Discussion

Two readings follow from the model. If ranking weights are
treated as a fixed ranking technology, higher search costs raise
the value of a favourable position and concentrate demand on
the platform that ranks best. If weights are treated as a choice,
the platform can dampen that effect by widening the set of
listings it shows.

The record does not settle which reading holds. It shows
where the argument would be made, and it keeps the notation
stable so that a later version can change one assumption at a
time.

One implication is worth stating plainly even in a specimen.
A policy that lowers search costs is not automatically pro-
competitive, because the same change also lowers the return
to ranking well. The two effects have to be compared, and the
comparison needs a model in which both appear.

6 Data and identification

A finished version of this record would need three series: a
measure of how many offers a consumer inspects, a measure
of the ranking position each offer received, and a measure of
the search cost that is not itself a function of the ranking. The
third is the hard one, and it is where the identification strategy
would sit.

The specimen does not propose an instrument. It only
marks the place where one belongs, and states the two coef-
ficients that a completed study would have to estimate: how
ranking position responds to search cost, and how the concen-
tration of demand responds to ranking position.

7 What a finished paper adds

A completed study would replace this section with an iden-
tification strategy, a data description and robustness checks.
The archive entry keeps the abstract, the publication fields and
the full text together so that a reader can evaluate the work
without leaving the page.

References

[1] Ellison, G., and Ellison, S. F. (2009). Search, obfusca-
tion, and price elasticities on the internet. Econometrica,
77(2), 427-452.

[2] Tadelis, S. (2016). Reputation and feedback systems in
online platform markets. Annual Review of Economics,
8, 321-340.

[3] Varian, H. R. (2014). Beyond big data. Business Eco-
nomics, 49(1), 27-31.



	Introduction
	Related work
	A compact search model
	Comparative statics
	Discussion
	Data and identification
	What a finished paper adds

